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Abstract

Background Structured expert elicitation (SEE) has become increasingly important in health technology assessment and
economic evaluations. Complementing previous work, we aimed to synthesize recent developments in published SEE appli-
cations within health economics over the past 8 years.

Methods A systematic literature search was conducted in Medline and Embase databases from April 2017 to February 2026,
supplemented with snowball sampling, to identify applications of SEE as part of economic evaluations. Data extraction and
synthesis focused on expert selection, elicitation methods, and analytical techniques to identify commonalities and gaps.
Results In total, 28 studies met the inclusion criteria. SEE applications covered diverse health interventions, from rare dis-
eases treatments to diagnostic accuracy assessments. The number of experts recruited through purposive sampling varied
from 1 to 18 clinicians per study. SEE processes remain bespoke and diverse, spanning from paper-based to software-assisted
remote techniques. The studies used mainly variable and fixed interval methods (29% versus 67%) for encoding. Aggregation
methods were mainly mathematical, with some studies using consensus approaches. Most studies (75%) directly incorporated
pooled expert distributions into decision models.

Conclusions While SEE methods vary considerably across applications, suggesting that optimal approaches have yet to
emerge, there is growing recognition of their potential for informing healthcare decision-making where empirical data are
scarce, particularly in rare diseases and early-stage technology assessment. Future research should prioritize standardizing
best practices, validating expert predictions against subsequently available empirical data, and developing enhanced bias
mitigation strategies to improve the credibility of expert-informed health economic evaluations.
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Key Points for Decision Makers

When robust clinical trial data are unavailable, e.g., for
rare diseases or small patient populations, structured
expert elicitation offers a transparent and increasingly
accepted method for filling evidence gaps in health
economic models. Decision-makers can have greater
confidence in reimbursement and resource allocation
decisions supported by this approach when it is applied
systematically.

Despite growing use, the way expert knowledge is col-
lected and combined still varies considerably across
studies. Payers and health technology assessment bod-
ies should carefully scrutinize how expert input was
gathered and processed, as methodological choices can
meaningfully influence model outputs and cost-effective-
ness estimates.

To strengthen future evaluations, there is a clear need
for more consistent standards governing how expert
elicitation is conducted and reported. Establishing such
standards would improve the comparability and credibil-
ity of submissions, ultimately supporting more informed
and defensible coverage and pricing decisions.

1 Introduction

Incorporating information from experts has been part of
model-based economic evaluation for a long time [1]. In
healthcare, clinicians have traditionally played a central role
in validating and verifying clinical components of mod-
els—such as treatment pathways and treatment duration and
dosage—in support of decision-making. Historically, this
involvement has been largely pragmatic and informal, with
limited use of structured frameworks for eliciting and report-
ing expert input [2—4]. Over the last two decades, however,
this has changed, and expert elicitation has become more
formalized and methodologically robust [2, 4-7]. The need
for expert information is also increasing, partly due to the
growing number of health technologies targeting smaller
populations, for which trial-based empirical data are often
limited or unavailable.

Structured expert elicitation (SEE) can be understood as
a framework for a systematic approach for eliciting informa-
tion from experts following recommendations and guidelines
[5, 8]. Over the past 5-10 years, there has been a growing
emphasis on articulating and standardizing best practices for
SEE, as reflected in the publication of guidelines such as the
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2023/2024 Professional Society for Health Economics and
Outcomes Research (ISPOR) report and others [5, 8—11].
Existing recommendations and guidelines vary in scope and
level of detail, but the most comprehensive documents typi-
cally cover the number of experts to include, recommended
qualifications and experience, the content and format of the
information dossier provided to experts, tools and proce-
dures for collecting expert elicitation (both individually and
in consensus settings), and methods for aggregating and
extrapolating elicited data.

Over the same period, there has also been notable growth
in SEE frameworks, tools, methods, and protocols used in
health economics. In addition to longstanding approaches
such as the modified Delphi technique, more recently refined
or developed elicitation frameworks include the Sheffield
Elicitation Framework (SHELF), Cooke’s classical method,
the Investigate—Discuss—Estimate—Aggregate (IDEA) pro-
tocol, the Medical Research Council (MRC) guidance, and
the Expert Elicitation Tool (EXPLICIT) reference protocol
[8, 12—-15]. Furthermore, recent developments include the
emergence of web-based elicitation platforms that facilitate
remote expert engagement and the increased integration of
SEE into Bayesian analytical frameworks.

SEE is particularly valuable for healthcare decision-mak-
ers when evidence is sparse or uncertain, for example, in
rare diseases, small patient subgroups, emerging therapeutic
areas, and early-stage health technology assessments where
timely evidence generation through traditional empirical
methods may be challenging or impossible. As a result,
health technology assessment (HTA) agencies have increas-
ingly recognized the role of SEE and begun to incorporate
it into their guidelines. Agencies such as the National Insti-
tute for Health and Care Excellence (NICE), the Canadian
Agency for Drugs and Technologies in Health, the Phar-
maceutical Benefits Advisory Committee, Haute Autorité
de Santé, Zorginstituut Nederland, Autoridade Nacional
do Medicamento e Produtos de Satdde, and the Scottish
Medicines Consortium have all integrated SEE into their
guidelines or methodological frameworks, while others are
considering or preparing to adopt SEE methods [5, 16].

To date, four systematic reviews have examined the use
of SEE methods in decision-analytic modeling for HTA
and economic evaluation [17-20]. However, these reviews
have limitations. The most recent review focused on imma-
ture survival data [20]. Another recent review conducted
systematic searches in MEDLINE and Web of Science but
did not include EMBASE and might therefore have missed
eligible studies [19]. The two earlier reviews only consid-
ered studies published up to 2017 [17, 18]. Consequently,
despite individual studies describing specific applications
or methodological innovations, there is currently no review
that identifies and synthesizes applications of SEE methods
for HTA from 2017 onward. A comprehensive summary
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and up-to-date overview would be valuable for identifying
emerging best practices, highlighting priorities for further
methodological research, and supporting the consistent and
appropriate use of SEE across diverse healthcare decision-
making contexts.

Therefore, the aim of this study was to systematically
identify and review applications of SEE in model-based
economic evaluations of healthcare interventions published
in peer-reviewed journals since 2017. We were particularly
interested in whether, and in what ways, recent applications
of SEE differ in their methodological approaches from pat-
terns reported in earlier reviews.

2 Methods

We updated the systematic literature search conducted
by Soares et al. in 2017 and published in 2018 [18]. We
accessed both the Medline and Embase databases for entries
from April 2017 until the day of our search, 5 November
2024. An updated search was run on 3 February 2026. The
search strategy encompassed a combination of Medical Sub-
ject Headings (MeSH), Emtree terms, and other pertinent
keywords via Ovid’s proprietary mapping technology. In
addition, we identified papers through “snowballing” (i.e.,
references cited within identified studies). These articles
were reviewed and, if relevant, included in the review. See
supplementary materials for the search syntax, the database
fields searched, and other details.

Two reviewers (B.P.G., I.S.) reviewed titles and abstracts
as well as full texts independently; disagreements were
resolved through discussion. To ensure comparability with
previous systematic reviews and so that results tables can
simply be combined, we used the same selection criteria
and the same three extraction tables as Soares et al. 2018
[18]. We included studies that were original research and
that were published as a full-text manuscript describing in
sufficient detail an application of an SEE process (or refer-
encing such a process) used to inform model-based cost-
effectiveness and/or cost—utility analyses of healthcare
interventions either independently or as part of an HTA. In
addition to Soares et al., see also supplementary information
for the operationalized in- and exclusion criteria. Table 1
provides an overview of the studies fulfilling the inclusion
criteria, including information on the type of health inter-
vention under investigation, whether it involved an early
HTA assessment (versus a reimbursement decision), as well
as the types of input parameters elicited; Table 2 lists the
professional background and expertise of consulted experts,
the encoding method (i.e., variable interval methods [VIM]
and fixed interval methods [FIM]), detailed information on
how experts provided their input, the method of aggregation
(mathematical or behavioral), and the weighting strategies

including whether equal weights, performance-based, or
objective weighting approaches are reported; and Table 3
includes details on how the SEE process was conducted,
opportunities for revisions, what technical tools or software
were used, training and piloting, the analytic technique
used—e.g., pooling or fitting—and if and how the pooled
distribution was implemented into the decision-analytic
model. The classification of studies as supporting “early
assessment” versus “reimbursement” decisions is based on
how studies characterized their own objectives within peer-
reviewed publications and may not reflect the full landscape
of SEE use across the technology development and assess-
ment lifecycle. Based on the development over the last years,
we replaced the category “format/software” in Soares et al.
with specific SEE framework, including MRC, the modified
Delphi method, Cook’s classical methods, IDEA, and Expert
Elicitation Tool (EXPLICIT) [12, 14, 15, 21, 22]. Search
results were processed and managed in Covidence (Level 9,
Melbourne, Victoria, Australia).

3 Results

We initially identified 186 studies through the systematic
literature searches. After deduplication and title and abstract
screening, 75 potentially relevant studies underwent review
of their full texts, resulting in 18 remaining studies that
matched the inclusion criteria. Through snowballing, we
identified an additional four studies. In a search update in
early 2026, we identified another seven studies, for a total
of n = 28 identified studies [15, 23—-49]. See Fig. 1 for a
PRISMA flow chart for the consolidated numbers.

The herein identified studies cover a diverse array of
health care interventions, with treatments representing the
generally most common subject of the economic evaluation
(19 studies; 70%), followed by diagnostic or screening inter-
ventions (seven studies; 26%), and one study focusing on
methodological bias adjustment [39]. Notably, several stud-
ies concerned rare diseases or specialized populations, such
as pediatric hemophilia [37], DiGeorge syndrome [26], and
advanced cutaneous squamous cell carcinoma [31], using
SEE to address the paucity of empirical data in these con-
ditions. The parameters targeted for elicitation varied con-
siderably across studies, though event and transition prob-
abilities were the most frequently elicited ones, appearing
in approximately half of the studies. Clinical effectiveness
parameters, including sensitivity and specificity for diagnos-
tic tests, survival probabilities, and progression-free survival
rates, constituted another major category. Finally, resource
use, costs, and utility values were elicited less frequently,
appearing in only five studies. Half (14 studies: 50%) of
the included studies were conducted to inform early assess-
ments during research and development phases rather than
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Nature of weights
Equal weights

Aggregation method
in main exer-

Weights used
cise

Yes

approach
Mathematical

Median, IQRs for
beta distribution
to reflect bias-
adjustment

VIM or FIM Methods (summaries Aggregation
elicited)

Approach and method of elicitation
FIM

Number of experts
11 orthopedists

Purposive sampling 9 methodologists;

Recruitment

cians, epidemiolo-
gists, trialists) for

internal biases;
geons) for external

experts (statisti-
biases

clinical experts
(orthopedic sur-

Experts and recruitment

Type of experts
Methodological

2017) [39]

RCC renal cell carcinoma, REMS radiofrequency echographic multispectrometry, SD standard deviation, SHELF Sheffield Elicitation Framework, TAU treatment as usual, TMS transcranial

applicable, NR not reported, NSTEMI non-ST elevation myocardial infarction, PAD peripheral artery disease, PCP primary care physician, PERT Program Evaluation and Review Technique,
magnetic stimulation, U upper, UPL upper probability limit, VIM variable interval method

ian) credible interval, FIM fixed interval method, HTA health technology assessment, /QR interquartile range, L low, LPL lower probability limit, M median, MLV most likely value, NA not

CAR-T chimeric antigen receptor T-cell (therapy), CI confidence interval, CJD Creutzfeldt Jakob disease, CKD chronic kidney disease, CSCC cutaneous squamous cell carcinoma, Cr! (Bayes-

Table2 (continued)
Schnell-Inderst et al.

>
>
2N
=
w

reimbursement decisions, suggesting the particular value of
expert elicitation in addressing uncertainty at earlier stages
of health technology development. See Table 1 study-level
details on the interventions, the timing of the assessment,
and the parameter types elicited.

Experts consulted in these studies were in almost all cases
clinicians, with specialty related to the targeted population
and treatment evaluated (hematology/oncology, cardiology,
neurology, radiology, and general practice). Recruitment
used purposive sampling throughout, targeting clinicians
with relevant specialization, though several studies incorpo-
rated multidisciplinary perspectives from health economists,
epidemiologists, policy experts, and in one case, a patient
representative [27]. Panel sizes ranged from a single to 18
experts, with a median of six experts per study. The encod-
ing methods used were FIM (17 studies; 63%) and VIM (10
studies; 37%). The aggregation methods used in the studies
were mainly mathematical (21 studies; 75%) or by consensus
(6 studies; 21%), and one study did not require aggregation
due to using a single expert. Notably, only 11 studies (39%)
of studies explicitly reported using weighted aggregation,
all except for two [47, 49] employed equal weights rather
than performance-based or expertise-weighted schemes. See
Table 2 for details on experts and elicitation and aggregation
methods.

The conduct and analytical approaches demonstrated
varying levels of methodological rigor, or at least variation
in reporting and transparency. Elicitation formats consisted
of face-to-face interviews, remote sessions via email or tel-
ephone, or web-based platforms, and these formats seemed
to show a clear trend toward more remote and digital meth-
ods, with three quarters (21 studies; 75%) of the studies
conducting elicitation entirely or partially through virtual
participation. Training was provided to experts in two thirds
of studies, typically covering the elicitation process, cogni-
tive biases, and uncertainty quantification methods, while
one third of the studies either did not provide training or did
not report on this aspect. Pilot testing of elicitation materi-
als was conducted in 20 studies (71%), suggesting recog-
nition of the importance of refining elicitation protocols
before the main exercise. Frameworks, protocols and tools
included SHELF (7 studies; 25%), EXPLICIT (4 studies;
14%) , MRC (3 studies; 11%). Modified Delphi (2 studies;
7%) and Cook’s method (1 study; 4%) [15, 22]. However,
most studies (11 studies; 39%) did not report a framework.
Many (20 studies; 71%) studies provided opportunities for
experts to revise their initial estimates, either through itera-
tive rounds or consensus discussions following individual
elicitation. Mathematical aggregation, for the most part,
used linear pooling; notably, with some using no pooling
whatsoever and none using other methods such as e.g. log
pooling. Distribution fitting methods included beta-PERT,
parametric survival modeling, and least squares approaches.
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Applications of Structured Expert Elicitations

Fig.1 PRISMA flow chart. The
flow chart illustrates the study

selection process according to
PRISMA guidelines

Records identified from*:
Databases (n = 254)
Snowballing (n = 4)

Records removed before screening:
Duplicate records removed (n = 7)

!

Records screened
(n=251)

Records excluded
(n =166)

(n=85)

Reports sought for retrieval

Reports not retrieved
(n=0)

!

(n = 85)

Reports assessed for eligibility

Reports excluded:
SEE methods not mentioned (n = 34)
Not HTA- or EE related (n = 12)

Abstract, letter, or pre-print (n = 10)
Review article (n = 1)

(n=28)

Studies included in review

For survival parameters, elicited estimates were sometimes
combined with trial data using Bayesian approaches. Less
commonly, cost and utility estimates were incorporated
directly with minimal transformation. Overall, almost all
studies (23 studies; 88% among the ones reporting) directly
incorporated pooled expert distributions into decision mod-
els. See Table 3 for details on the conduct of the elicitation
process and analysis.

4 Discussion

This systematic review identified nearly two-dozen studies
demonstrating the growing but still limited application of
structured expert elicitation in health economic evaluations,
with a clear emphasis on addressing data scarcity in chal-
lenging contexts. We found that expert elicitation is pre-
dominantly employed for event and transition probabilities
of treatment evaluations, particularly in rare diseases and
specialized populations where traditional empirical evidence
is insufficient, with nearly half of the studies supporting
early-stage research and development decisions rather than

formal value dossiers or HTA decisions. The methodological
landscape shows standardization in some areas, with most
studies consulting about seven clinical experts after training
and piloting the process, though significant variation exists
in the conduct and analysis. We also observed a trend toward
more digital and remote elicitation methods.

The methodological approaches employed across the
identified studies reveal separate important considerations
regarding bias mitigation, expert variability, and external
validity in SEE. Panel sizes demonstrated considerable vari-
ation, but the typical range of 6-8 experts aligns with recom-
mendations for balancing diverse perspectives while main-
taining manageable group dynamics [5]. Training provision
in two thirds of the studies and opportunities for estimate
revision in an even higher proportion suggests recognition of
the importance of bias mitigation, though the lack of stand-
ardized training protocols across studies and variations in
revision processes raises questions about the consistency and
optimal application of these interventions.

The 3:1 predominance of mathematical aggregation meth-
ods over consensus approaches may either indicate a prefer-
ence for preserving individual expert contributions rather

A\ Adis
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than requiring group agreement, though this choice carries
implications for how between-expert variability is handled
and whether minority opinions are adequately captured, or
may simply be more convenient. However, relatively few
studies explicitly reported using weighted aggregation
approaches, and notably, of those that did, all employed
equal weighting schemes rather than performance-based or
expertise-weighted methods, which could take expert cred-
ibility or track records into account. This could be due to
multiple reasons, but it takes time to allocate proper weights,
and this is not an easy task, so both feasibility and methodo-
logical concern are likely reasons. While the MRC protocol
[8] notes that the literature on pooling methods is not suf-
ficiently mature to recommend alternatives to linear pooling,
it also suggests that there may nonetheless be valid reasons
to consider different aggregation methods depending on the
decision context [8]. The universal reliance on linear pooling
in identified studies is thus consistent with current guid-
ance, though the comparative performance of alternative
approaches remains an area warranting further investigation.
The choice between variable and fixed interval meth-
ods showed—contrary to the findings by Soares et al.—a
potential preference for FIM over VIM, which may reflect
practical considerations around elicitation complexity and
expert burden [10, 18]. The choice between VIM and FIM
may depend on the specific elicitation context, and there is
no definite evidence to prefer either over the other. Guide-
lines such as the MRC protocol and NICE Technical Support
Document (TSD) 26 notes several dimensions for analysts
to be aware of when selecting either method, and while the
ISPOR recommendations suggest that the MRC protocol has
a slight preference for FIM, the NICE TSD 26 has a cautions
recommendation for considering VIM first [5, 8, 10]. How-
ever, these recommendations seem more related to guiding
analysts to avoid potential issues with FIM, rather than VIM
being methodologically superior in general. This context-
specificity suggests that guidance on encoding methods
should consider the intended analytical use of elicited quan-
tities rather than advocating for one approach universally.
The rate of publication—28 studies over a 9-year
period—is somewhat lower compared with the prior review
by Soares et al., which reported on the same number of stud-
ies but over a period of only 4 years [3, 8, 9, 50]. The lack
of an observable increase in publication rates may partly
reflect the substantial lag between the publication of meth-
odological guidance and its manifestation in peer-reviewed
applications. Given that NICE’s explicit mention of SEE in
the 2022 Methods Manual and subsequent detailed guid-
ance in TSD 26 are relatively recent, the expected increase
in methodologically rigorous SEE applications may not yet
be captured in peer-reviewed literature.[9, 10] Based on
typical timelines for health economic research, guidance
uptake might reasonably be expected to become apparent

A\ Adis

in publications from 2025 to 2027 onward. Importantly, the
rate of peer-reviewed publication may not accurately reflect
the actual uptake of SEE methods in practice. A substan-
tial proportion of SEE applications occur within internal
early-stage modelling for product development decisions or
within HTA submissions that may never be published in the
peer-reviewed literature. Consequently, our findings likely
underestimate the true extent of SEE use in health economic
decision-making.

Generally, there is a substantial proportion of “not
reported” entries across Tables 1-3, which highlights per-
sistent reporting deficiencies in SEE applications. Key meth-
odological details including weighting approaches, distribu-
tion fitting methods, and piloting procedures were frequently
omitted, limiting the ability to assess methodological rigor
or replicate approaches. This underreporting underscores the
need for standardized reporting guidelines such as Struc-
tured Expert Elicitation Resource (STEER) to improve trans-
parency and enable more robust evidence synthesis [11].

The application patterns observed in this review high-
light the strategic deployment of SEE in addressing spe-
cific evidence gaps within health economic evaluation.
The concentration on treatment evaluations, particularly
in rare diseases and specialized populations, demonstrates
the practical value of expert knowledge when traditional
empirical evidence is insufficient or unavailable. As rare
diseases have received more attention from research and
development in the pharmaceutical and biotech industries,
we find it somewhat puzzling why there are not more SEE
application in the more recent past [S1]. A reason for that
is perhaps that such quantitative and explicit use of SEE is
still in its infancy. The uptake may be slowed by HTA bod-
ies’ guidelines only recently starting to include such meth-
odologies. It may also be due to SEE somewhat being per-
ceived as challenging the evidence-based medicine (EBM)
and the randomized controlled trial (RCT) traditions [1].
Additionally, it is possible that SEE methods are being
used more frequently but are either not being reported in
peer-reviewed publications or described without enough
methodological detail to be identified through systematic
database searches. This underreporting may reflect that
SEE could be embedded within broader HTA submis-
sions or internal decision-making processes where detailed
methodological descriptions are not prioritized. For exam-
ple, Forsyth et al. conducted a systematic review of SEE
for long-term survival outcomes in HTA reports of oncol-
ogy treatments for NICE [52]. They found that 5/10 stud-
ies could be identified via database searches, whereas 4/10
were found in HTA reports. The finding that nearly half
of studies supported early-stage research and development
decisions rather than formal reimbursement assessments
may be a nod toward the particular utility of expert elicita-
tion during technology development phases, where rapid
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decision-making is often required before comprehensive
clinical evidence becomes available. Using expert opin-
ion and SEE for critical parts of decision-analytic models
that lead to early access via managed entry agreements
would require that additional, more robust evidence will
become available at a later stage to re-evaluate reimburse-
ment agreements. The focus on event and transition prob-
abilities as the most frequently elicited parameters reflects
the critical importance of expert knowledge in quantifying
clinical pathways and disease progression and areas where
observational data may be particularly limited or where
extrapolation beyond trial populations is necessary.

The heterogeneity in methodological approaches
observed across studies points to several priority areas for
future research and standardization efforts. The development
of more rigorous guidelines for expert selection, panel size
determination, and weighting schemes represents a critical
need, particularly given the limited use of performance-
based weighting and the wide variation in panel composi-
tions. It will also be important with improvements in the
standardization of reporting to ensure future SLRs can syn-
thesize even more information currently possible. Future
research, and subsequently guidelines such as ISPOR and
other methodological frameworks, should address the choice
between mathematical and consensus-based aggregation
methods, providing clearer guidance on when each approach
is most appropriate based on the decision context and param-
eter characteristics [5, 8-10, 50]. The emerging trend toward
remote and digital elicitation methods—possibly ignited by
the coronavirus disease (COVID-19) pandemic, which fell
into our catchment period, but which seems to continue—
necessitates research into the comparative validity and
reliability of different elicitation formats, particularly as
these approaches become more prevalent in postpandemic
research environments. A valuable future research oppor-
tunity lies in validating the accuracy of expert predictions
through comparison with subsequently available empirical
data. This will require effort, perhaps even stated require-
ments, to evaluate and compare the precision of SEE with
future longer follow-up data from clinical trials, real-world
data (RWD), and other postmarket evidence. Such validation
requirements would be most applicable to SEE applications
supporting regulatory decisions or managed access arrange-
ments, where subsequent evidence generation is typically
expected, rather than to internal early-stage modelling where
such follow-up may not occur.

This may be of significant value to increase acceptance
and use with HTA bodies and decision-makers. Our rec-
ommendations for future research align substantially with
those identified in the MRC protocol and ISPOR guidance,
reinforcing the continued relevance of these priority areas
and suggesting limited progress in addressing them through
empirical applications to date [5, 8].

Standardization efforts should also focus on develop-
ing more consistent training protocols and bias mitigation
strategies, i.€., in both individual and consensus elicitation.
The integration of structured expert elicitation with existing
health technology assessment processes will benefit from
further methodological development, including guidelines
for transparency in reporting, validation approaches for
expert-derived parameters, and frameworks for sensitiv-
ity analysis around expert-informed inputs. Additionally,
future research could continue to explore the relevance of
expertise-weighted aggregation methods and should inves-
tigate the comparative performance of different pooling
approaches, particularly in contexts where expert disagree-
ment is substantial or where parameter uncertainty has sig-
nificant decision implications.

Our work is subject to several limitations. First, our
review was restricted to peer-reviewed journal articles,
potentially missing relevant applications of SEE in grey
literature or HTA reports not published as peer-reviewed
manuscripts in journals. However, our objective was to pro-
vide a review update of the peer-reviewed literature, and
future studies can choose a broader SCOPR. Second, our
search strategy did not include specific protocol names (e.g.,
“SHELF” or “MRC protocol”) as search terms, which may
have resulted in missed studies that referenced these frame-
works without using broader expert elicitation terminology.
However, future reviews may benefit from including proto-
col-specific search terms. Third, the heterogeneity in report-
ing styles and level of detail across studies made it challeng-
ing to consistently extract and compare information about
SEE processes. However, this variability also highlights the
need for standardized reporting guidelines in SEE applica-
tions, which could be a valuable outcome of our review.
Fourth, our search strategy, while comprehensive, may have
missed some relevant studies due to the diverse terminol-
ogy used in the field of expert elicitation. However, our use
of multiple databases and snowball sampling techniques
likely mitigated this risk to a significant extent. Finally,
our review did not include a formal quality assessment of
the included studies, which could have provided additional
insights into the methodological rigor of SEE applications.
However, the detailed extraction and analysis of methodo-
logical approaches used in each study offer a comprehensive
overview of current practices and their evolution over time.

5 Conclusions

The landscape of SEE in economic evaluations and HTA
over the past 8 years is evolving although publication
activity has not accelerated. Methods still vary consider-
ably across SEE applications, suggesting that the optimal
approaches have yet to emerge across several key dimensions
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of expert elicitation. Nevertheless, there seems to be some
recognition of SEE’s potential in informing healthcare
decision-making, particularly in rare diseases and subpopu-
lations of larger disease entities where empirical data are
scarce or even unavailable. As SEE assumes an increasingly
prominent role in HTA processes, future research should pri-
oritize standardization of best practices, validation of expert
predictions against subsequently available empirical data,
and development of more bias mitigation strategies. Such
advances will be essential for enhancing the credibility and
reliability of expert-informed analyses in health policy and
reimbursement decisions.
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